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A product portfolio focused on your business

Shopper Understanding Strategy Targeting and Execution

A Acquisition Score AModel Assessment

A Addressable Value & Integration

A Category Score A Experimental Design

A Attrition Score ABusiness Case
Development

A Campaign
Measurement

A Customer Lifetime
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| ntroducti on: Youdbve seen

Whi ch Shopper i s more | ikely

Gender Male Female - T——
Age 22 48 (
Number of Children 0 3

Type of Car Sports Car Mini Van

Number of A :
nalytical Process

A What should they pay for insurance...?
A This is an analytics probl emé
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How do | target shoppers?

/A We combine data about the shopper into a score that predicts their
probability to do something.

Some things can pr edi c .andtheirscores
Probability Shopper 1 will have an accident over rertos. 0.023
Probability you will live forever 0.000
XXXXXXXXXPgAtt LIe& G ESa 0.999
XXXXXXXXXPgAftf o0dz2 AOS ONBL 0.600
XXXXXXXXXDPgAftf 0828 cdus ONSIBI 0.700
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Targeting helps you select the right shoppers for the right ‘ ’

>

Shoppers come in different flavors. | Your database contains both flavors...

@m li ke | ¢

E “
A P n donot I
= M Cr eamo
z
.

6 Copyright © SymphonyIRI Group, 2011. Confidential and Proprietary.




Our propensity scores help you predict what shoppers want

t o

buyeé
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\ /
Total Average Number of Shoppers
SUllguEs el Shoppers Who Bought Ice Cream

Low Scores
(does not like Ice Cream) 100,000 0.03 3,000
High Scores 100,000 0.60 60,000

(likes Ice Cream)

~
A

\.

N

If we can predict what a group of shoppers is liketybuy, we can make
them offers that are relevant to what they want.

J
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How do | use a Propensity Score? ‘ '
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Grou Description Score Number of Number of
: : Shoppers Purchases

Low Score 0.03 100,000

No Offer _
High Score 0.60 100,000
Low Score 0.03 100,000

Offer _
High Score 0.60 100,000

ACKS . 2002Y [AYySX
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10K Versus 1K
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Targeting with Propensity Scores Increases ROI
and increases your marketing efficiency

| f you make the w | f you make the

eéto the wrong sh éto the right sh

1% more vol umeé

€. wasted resour ces

i
Ice Cream
No Offer Offer NG Offer Ice Cream
Offer

Low RO High ROI
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Propensity scores make your marketing dollars go farther

Before Propensity Score After Propensity Scores
Program Cost Program Cost ROI
Ice Cream $0.4 MM 3.4% Ice Cream $0.3 MM 17.2%
Spirits $0.7 MM 10.2% Spirits $0.4 MM 18.1%
Diapers $0.7 MM 8.2% Diapers $0.4 MM 21.6%
Candy $0.3 MM 17.7%
Fresh $0.4 MM 18.2%
Total $1.8 MM 8% Total $1.8 MM 18.7%
4 N 4 N 4 N
Propensity — Higher + More
Scores — ROI Programs

\. / \. / \. /
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With more programséyour busi
In market

More Programs More Data
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With more data we can make better scores

More Data Better Scores

How?
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Intuitively, how do we make the scores? ‘ ' ’

What whatdidithe Algorithm
shopper look

happened? like? (Weights)

Making a Model

What will BilEL TS e Algorithm

shopper look
like now?

\ / Making Scores

happen? (Weights)
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|l ntegrate tactic results iInto

Making a Model Use Experimental
Design to Optimize
Your Analytics

What offer What did the
did you shopper
make? look like?

Algorithm
(Weights)
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Opti mi ze

Making a Model

What will
happen?

the offers you

What offer
will you
make?
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Use Optimization to
Maximize Your ROI

What does
the shopper
look like?

Algorithm
(Weights)

Making Scores




Our Analytical Process

Data Assets +

Shopper Data

Demographic Data

Algorithm

Combine/Assemble Data

Clean and Audit

Basket Data Validation Set

Training Set

Competitor Information Exploratory Analysis

Other Model Builds

Program Results Model Validation

Data I s the fuel t
data meansébetter
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Pal

0s the math driving

Data Assets + Algorithm

Numeric X Total
- weights Weights Weight

Gender Male -0.10 -0.10
Age 22 22 0.05 1.1
Number of Children 0 0 0.10 0
3.750 0.023

Type of Car Sports Car 3 -0.25 -0.75
Number Tickets 2 2 -0.25 -0.50
Scaling Factor 4

Binary Logistic Regression AAssume an accident costs $100K

1 1 b/ AShopper 1 has arisk of 2.3%
- s~ 0.023C _
(+e% | e ARisk * Cost € $2,300
T — AShopper 2éo0811/ cost

ﬁzneral Function
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pick the Arighto math

Business . :
SlefEEive Analytic Tool Kit
e . N\ e N\ / . ] \ .
Acquire New Banner Score The #fright\o
N Shoppers J > < | LARS Logit
4 ~ | Attrition/Retention Tobit (P:X)Fg'll:[
i Scores Gamma
Retain Shoppers \ /| Weibull BG/NBD
\_ J . .
Mixed Logit
/ \ " Category Score || Neural nets
> N Naive Bayes
. Log-normal
Cross Sell ' Trips/Sales | | ParetoiNgD
Buy More r { | Random Forest
. . Elastic Net/LARS
Buy Different " Wallet Size | | BG/Beta-Binomia
Take Wallet Share > < | Censored Weibull
Addressaple Cox Proportional Hazard
\ J L Opportunity " \ /
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Sample Propensity Scores

Categories/Trends

Shooper Ic Retention| Wallet | Actual Addressable Condense( Facial| Regular CanneOIIVe Fresh EqG Dish Snack/NUts
PP Score Size Spend Opportunlty Wet Soupd Tissug Soft Drinkg Tuna g etergen

1908690 0.240 $19,000 $6,080 6,460 0839 0.872 0.992 0.485 0.744 0.314 0.667 0.914

1736808 0.778 $11,000 $4,840 $ 2,094 0550 0970 0.376 0.490 0.423 0.325 0.816 X 0.484
797996 0.733 $ 8,000 $3,920 $ 1958 0081 0222 0.530 0.435 0.279 0.407 0.933 X 0.559
8029476  0.850 $ 6,000 $2,760 $ 1588 0.248 0.002 0.311 0.566 0.569 0.951 0.620 X 0.446
5288907 0.861 $10,000 $3,400 $ 3630 0903 0.219 0.983 0.978 0.123 0.420 0.726 X 0.266
115916 0.665 $ 7,000 $2,380 $ 1,987 0405 0.052 0.266 0.732 0.512 0.071 0433 X 0.699
637675 0.990 $17,000 $6,970 $ 4,012 0069 0.693 0.716 0.089 0.358 0.583 0.259 X 0.167
9572998 . $ $ $ 5187 0861 0.073 0.334 0.659 0.851 0.558 0.593 X 0.861
7208604 0.002
7868976 0.139
594960 m 0.560
Eye Chart Warnin
3712181 0.507
3016768 0.929
1975983 0.046
1934949 Safety First 0.673
465812 0.505
8824832 0.471
6507120 0.737

1014953  0.154 $14 000 $5 320 $ 3559 0681 0.655 O 472 O 471 O 357 0.162 0.754 X 0.511

Data Assets Algorithm —_—




Sample Offer Using Propensity Scores

Sho erlRetentlon Wallet | Actual | Addressable|Condenseq Facial Regular
PP Score Size Spend Opportunlty Wet Soupq Tissug Soft Drink

1908690 0.240 $19,000  $6,080 6,460 0.839 0.872 0.992
Why
m March 28", 2011 m>
Logo Here

Dear Valued Shoppet908690

To show you our appreciation for your business we have crafted these

offers which we hope you will enjoy.
Buy One Get One ﬂ

Free
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Propensity-Driven Direct-to-Shopper Communication

SymphonyIRI
Propensity
Analytics
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